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fect phylogenies provide sensible groupings of samples at multiple resolutions.
TreeQA explores the space of all possible groupings implied by the perfect phy-
logenies in a carefully designed order so that intermediate computations can be
maximally reused. Our experimental results on both simulated and real data show
that TreeQA can efficiently conduct quantitative GWA analysis and is more effec-
tive than the previous methods.
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